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nic?  Phased Array Weather Radar (PAWR)

PurrEROBS

a parabolic antenna (150
15 EL angles in 5 min)

3-dim measurement using a phased array antenna
(100 m, 100 EL angles in 30 sec)
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Predict high-resolution

from low-resolution mode
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Parallel test of real-time

: nowcasting w/ ConvLSTM
PAWR 3D I\Iovvcastmg since Juneg6, 20191
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Conv-LSTM is effective.

(Work with Mr. Viet Phi Huynh and Prof. Pierre Tandeo)
2.5-min prediction
t = 2018-07-27 20:35:30 + 2.5 min
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Future direction: Fusing ML+DA+Simulation
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D A- AI fUSiOn Predict high-resolution

from low-resolution mode

Best estimat .
(Best estima e)// Initial State Predict model error
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